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* Background

 Recent cyber-crime costs are at an all-time high and still skyrocketing.

e Many Intrusion Detection Systems and Intrusion Protection Systems utilize behavior-based methodology, which seeks to identify a baseline for normal users that is then used
to compare against real-time and non-real-time events in an effort to locate malicious activity

 The rise of automated attacks has created a great deal of noise for security personnel to wade through to identify malicious behavior and even with IDS systems, a human
actor is still required to go through the logs to note is unusual activity is actually a threat.

* |f a human based attack is significantly different than an automated attack it would be extremely useful for security personnel to have a way to separate the behavior of an
automated cyberattack tool from that of a human actor, as this would allow them to create separate tools to deal with each.
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